
Full Terms & Conditions of access and use can be found at
http://www.tandfonline.com/action/journalInformation?journalCode=rcri20

Download by: [142.245.193.11] Date: 23 September 2015, At: 10:55

Critical Review
A Journal of Politics and Society

ISSN: 0891-3811 (Print) 1933-8007 (Online) Journal homepage: http://www.tandfonline.com/loi/rcri20

Kahneman's Failed Revolution Against Economic
Orthodoxy

Zeljka Buturovic & Slavisa Tasic

To cite this article: Zeljka Buturovic & Slavisa Tasic (2015) Kahneman's Failed
Revolution Against Economic Orthodoxy, Critical Review, 27:2, 127-145, DOI:
10.1080/08913811.2015.1068512

To link to this article:  http://dx.doi.org/10.1080/08913811.2015.1068512

Published online: 21 Aug 2015.

Submit your article to this journal 

Article views: 91

View related articles 

View Crossmark data

http://www.tandfonline.com/action/journalInformation?journalCode=rcri20
http://www.tandfonline.com/loi/rcri20
http://www.tandfonline.com/action/showCitFormats?doi=10.1080/08913811.2015.1068512
http://dx.doi.org/10.1080/08913811.2015.1068512
http://www.tandfonline.com/action/authorSubmission?journalCode=rcri20&page=instructions
http://www.tandfonline.com/action/authorSubmission?journalCode=rcri20&page=instructions
http://www.tandfonline.com/doi/mlt/10.1080/08913811.2015.1068512
http://www.tandfonline.com/doi/mlt/10.1080/08913811.2015.1068512
http://crossmark.crossref.org/dialog/?doi=10.1080/08913811.2015.1068512&domain=pdf&date_stamp=2015-08-21
http://crossmark.crossref.org/dialog/?doi=10.1080/08913811.2015.1068512&domain=pdf&date_stamp=2015-08-21


Zeljka Buturovic and Slavisa Tasic

KAHNEMAN’S FAILED REVOLUTION
AGAINST ECONOMIC ORTHODOXY

ABSTRACT: The work of Daniel Kahneman and his colleagues has established that
people do not always think and act “rationally.” However, this amounts to saying
that Kahneman and his collaborators interpret people’s behavior in experimental
settings to be inconsistent with the narrow understanding of rationality deployed
by orthodox neoclassical economists. Whether this means that people make poor
decisions in the real world, however, has not been demonstrated, a fact that calls
into doubt the significance of the list of heuristics and biases generated by behavioral
economists. Dual-process (System /System ) theory was meant to give theoretical
coherence to this list, but its empirical foundation, too, retains the premises of
“rational” choice as an ideal.

Keywords: base rate fallacy, behavioral economics, biases, conjunction fallacy, decision making, dual
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heuristic, rationality, two systems

Few have had as great an influence on the social sciences as the psychol-
ogist Daniel Kahneman, winner of the Nobel prize in economics. The
work of Kahneman and his co-authors, above all Amos Tversky,
sparked the rise of an entirely new and very influential subdiscipline

Zeljka Buturovic, zbuturovic@idn.org.rs, Institut drustvenih nauka, Kraljice Natalije ,
Belgrade, Serbia, is a Research Assistant Professor at the Institute for Social Sciences, Belgrade.
Slavisa Tasic, stasic@umary.edu, is an Associate Professor of Economics at the University of
Mary, University Drive, Bismarck, ND . The authors thank the editor and two anon-
ymous referees for their comments on earlier drafts.

Critical Review (): – ISSN - print, - online
©  Critical Review Foundation http://dx.doi.org/./..

D
ow

nl
oa

de
d 

by
 [

14
2.

24
5.

19
3.

11
] 

at
 1

0:
55

 2
3 

Se
pt

em
be

r 
20

15
 

mailto:zbuturovic@idn.org.rs
mailto:stasic@umary.edu


within economics—behavioral economics—but its influence is much
wider. David Brooks of the New York Times, a good barometer of
popular intellectual trends, declared in  that Kahneman and Tversky’s
work is “a crucial pivot point in the way we see ourselves” and that it “will
be remembered hundreds of years from now” (Brooks ). Kahneman
has become a staple of most-influential-thinkers lists and was awarded the
Presidential Medal of Freedom in . It appears that everyone is in
agreement that Kahneman has made profound, far-reaching, and long-
lasting discoveries about the nature of the human mind. More than any-
thing, these discoveries are perceived to be revolutionary contributions to
the social sciences that shake the very foundations of (arguably) the most
mature and important of them, economics.

These discoveries are made available to expert and layman alike in the
nearly  pages of Thinking, Fast and Slow (Farrar, Straus and Giroux,
). This impressively thorough book summarizes the research of Kah-
neman and his collaborators but also offers Kahneman’s broader views
about his contributions to decision theory, psychology, and economics.
In this article we examine the book insofar as it serves as a summary of
the previous work of Kahneman, Tversky, and their colleagues, from
which the largest part of behavioral economics sprang.

The book’s title captures Kahneman’s most significant theoretical idea,
that two competing systems govern our thinking. System  is fast, auto-
matic, and based on intuition; System  is slow, conscious, and effortful.
Being fast and automatic, System  is also prone to error. On many
occasions, it alone does not suffice to give us the right answer. Alas, we
are not fully in control of which processes take place in which situations.
All too often, we make decisions using the fast but sometimes unreliable
System , while it is the slow, conscious System  that has the right
answer.

While early chapters are focused on the idea that cognition consists of
two processes, as the book progresses the list of biases mounts and off-the-
point chapters such as one on prospect theory are added, making the book
a popularized compilation of Kahneman’s empirical opus but one that
lacks focus. In this respect the book is true to the author and his research
agenda. Behavioral economics is in fact a collection of experiments, the
main commonality of which is their attempt to show that in laboratory set-
tings people make various deviations from the rational-choice model(s)
used in neoclassical economics.
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In its most austere version, typically used to study choice under cer-
tainty, rationality in economics approaches a tautological assertion of
the existence of subjective preferences and requires little more than
some consistent ordering of these preferences. However, in its most
demanding but nevertheless widely employed form, especially in macro-
economics and finance, economic rationality is a non-tautological
assumption about the way people are and it has a strong epistemological
component: it presupposes people’s perfect knowledge and foreknow-
ledge. Viewed from the perspective of a critic of these presuppositions,
behavioral economics may be welcomed. But it does not advance our
understanding of human psychology except inasmuch as one otherwise
would have been inclined to believe that people are everywhere and
always “rational” in the peculiar sense in which this term is used by econ-
omists. Against the orthodox neoclassical view, behavioral economics in
effect says that people are “irrational.” But as we shall see, this is saying
very little, and it is easy to misunderstand it as saying much more.

Before this general discussion, however, we will examine some of the
experiments on which behavioral economics is based, which themselves
show less than is usually attributed to them.

Arbitrary Epistemic Requirements

One recurring issue that has cropped up since Kahneman and Tversky’s
early studies of cognition has been their assumption that specific knowl-
edge or skills are essential to rationality. Thus, the possession of statistical
or factual knowledge or the use of abstract reasoning has often been uncri-
tically taken as a standard against which we are to judge the answers that
participants in the experiments give. This has attracted the critical notice
of specialists but not that of the wider world.

These arbitrary epistemic requirements are still at work in Thinking,
Fast and Slow. Kahneman begins by informing us that while people are
good intuitive grammarians, they are intuitively bad statisticians.
Whereas even four-year-olds routinely follow the rules of grammar as
they speak, educated adults fail at questions that involve what Kahneman
and his colleagues assume are elementary statistical reasoning skills.

Before examining the evidence for people’s statistical incompetence,
one must stop and wonder about the aptness of the comparison
between grammar and statistics. We use language for a purpose, and
grammar is an integral part of language. Rules of grammar emerge from
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the use of language and only afterwards are formalized and systematized
by linguists into rules, which bear little relevance to the spoken language.
Statistics, on the other hand, is a body of knowledge created, systematized,
and formalized by statisticians. Stating that people are good or bad at stat-
istical reasoning tells us something about their knowledge of and talent for
this particular skill and not much else. A passionate physicist without
much interest in the outside world could observe that people are very
good at manipulating objects but embarrassingly inept at solving problems
in theoretical mechanics. Few of us would treat such a statement as evi-
dence that people should gain more knowledge of theoretical mechanics
or that they are irrational when they get questions about the subject
wrong. We would, instead, conclude that this physicist is making an
oddly self-absorbed comparison between knowledge of physics and the
ability to operate in the physical world.

Statistical skills, unlike physical ones, could be somewhat useful in an
ordinary person’s everyday life. But how useful these skills might be is
unclear, as billions of people somehow manage to make their way in
the world, decade after decade, despite their complete ignorance of stat-
istics. Returning to Kahneman’s comparison, we do not use statistics
nearly as often as we use grammar. It is only within the framework of neo-
classical economics that all decisions are modeled as gambles and therefore
require statistical reasoning. So people’s failure to use statistics more often
than they do is hardly grounds for the charge that they are irrational; nor is
their failure to have studied statistics or to have an aptitude for the subject.
Yet the charge of irrationality is the clear implication of Kahneman’s
work, for—unlike neoclassical economists—Kahneman uses the frame-
work of neoclassical economics not as a description of reality but as a
norm or ideal, deviations from which are irrational. Indeed, Kahneman’s
architectonic principle is that the ideal is frequently violated in the real
world; he sees himself as “challenging the dogmatic assumption . . . that
the human mind is rational and logical” (). Perhaps so, but Kahneman
also reinforces neoclassical economics by taking for granted the relevance
of its conception of the human mind. Where orthodox economists use
this conception as a rough description of reality, Kahneman uses it as a
yardstick against which to judge reality.

Ordinarily economists assume that, appropriately interpreted, people’s
behavior conforms to some basic axioms such that, except when incen-
tives are misaligned, people can be expected to achieve their goals. Behav-
ioral economists, having transformed this assumption into a normative
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standard, and by experimental design habitually augmenting it with a
knowledge requirement, advise us that people are frequently incompetent
to achieve their goals because they fail to live up to the standard. Despite
this difference between the two approaches, in both cases the result is to
erect massive barriers to understanding the actions of real-world human
beings, and to recognizing the respects in which their less-than-perfect
knowledge may nevertheless be good enough.

Normativizing Statistics

Consider the first example that Kahneman () uses to illustrate people’s
lack of statistical competence. He describes a hypothetical experiment
in which subjects are told that

an individual has been described by a neighbor as follows: “Steve is very
shy and withdrawn, invariably helpful but with little interest in people
or in the world of reality. A meek and tidy soul, he has a need for order
and structure, and a passion for detail.” Is Steve more likely to be a librarian
or a farmer?

Kahneman suggests that most subjects would answer that Steve is more
likely to be a librarian. The catch is that, given the relative numbers of
librarians and farmers in the United States, it is statistically not very
likely that Steve is a librarian. Farmers far outnumber librarians in the
general population of the United States. Steve is therefore—just like
anyone else picked at random from that population—more likely to be
a farmer.

Kahneman explains that people are likely to get the answer about
Steve’s career wrong because “they ignore relevant statistical facts,”
which are in this case the probability distribution of farmers and librarians
for the entire population of the United States. People are thus said to
commit the “base-rate fallacy” by using the “representativeness heuristic”
(i.e., the similarity of a description of someone to a stereotype about a
certain type of person, such as a librarian) rather than using base rates
that would accurately reveal whether someone is likely to be a certain
type of person (Tversky and Kahneman , ).

Social psychologists have challenged the importance and the very exist-
ence of the base-rate fallacy for a long time. Base rates are not unequivo-
cally given to us as stable and known, and the appropriateness of using or
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disregarding them in particular situations depends on a host of conditions.
The phenomenon of base-rate neglect has not proven robust to changes
in conditions, and with different questions, task structures, or represen-
tations it can largely disappear (see Gigerenzer , –; Koehler
; Fletcher ). But we would like to ask a slightly different ques-
tion: Why should we consider it normative to use base rates in such
situations?

Consider an experiment conducted by Kahneman and Tversky in
. In this exercise subjects were told about “Tom W.”: he

is of high intelligence, although lacking in true creativity. He has a need for
order and clarity, and for neat and tidy systems in which every detail finds
its appropriate place. His writing is rather dull and mechanical, occasionally
enlivened by somewhat corny punsand flashes of imagination of the sci-fi
type. He has a strong drive for competence. He seems to have little feel and
little sympathy for other people and does not enjoy interacting with others.
Self-centered, he nonetheless has a deep moral sense. (Kahneman and
Tversky , )

Three groups of students served as subjects. The first group, consisting of
 University of Oregon students, was not told anything about “Tom
W.” but was asked to write down their “best guesses” of the percentage
of first-year U.S. graduate students who were enrolled in programs in
business administration, computer science, engineering, humanities and
education, law, library science, medicine, physical and life sciences, and
social science and social work. These guesses served as Kahneman and
Tversky’s “base rates.” The second group, consisting of  University
of Oregon students, was not asked to guess base rates but was given the
above information about Tom W. and asked how similar he seemed to
“the typical graduate student” in each of the nine fields of specialization
(ibid.). Finally, a third group of “ graduate students in psychology at
three major universities in the United States” was told the story of
Tom but was neither told nor asked about base rates. The members of
this group were asked to rank the nine fields of graduate specialization
“in order of the likelihood that Tom W. is now a graduate student in
each of these fields” (ibid., –).

According to Kahneman and Tversky (, ), “the correlation
between judged likelihood and similarity is ., while the correlation
between judged likelihood and estimated base rate is -..” Thus, “judg-
ments of likelihood essentially coincide with judgments of similarity and
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are quite unlike the estimates of base rates. This result provides a direct
confirmation of the hypothesis that people predict by representativeness,
or similarity” (ibid.). In other words, Kahneman and Tversky attribute to
the third group the same guesses about base rates that were elicited from
the first group but find that these base rates play no role in the third
group’s likelihood estimates—which are, however, very similar to the
second group’s estimates of the similarity between various types of gradu-
ate student and the description of Tom. According to Kahneman and
Tversky, then, the third group’s judgments “drastically violate[d] the nor-
mative rules of prediction,” for “more than  percent of those respon-
dents judged that Tom W. is more likely to study computer science
than humanities or education, although they were surely aware that
there are many more graduate students in the latter field” (ibid.).

We wonder if this truly signals an irrational attachment to stereotypes
on the part of the third group. Only those few subjects (if any) in the third
group who had studied the distribution of graduate students by field
would have had reason to put any confidence in their guesswork about
the matter. For the other members of the third group, relying on the
description of Tom W. (which plays the stereotype to perfection)
would not be irrational. Indeed, subjects asked to provide their “best
guesses” about something they have probably never thought about
before—the proportion of U.S. graduate students in various fields—
might be well advised to recognize that their guesses are likely to be
wrong. Presented with information about Tom that seems so much
more reliable than mere guesses (since the information about Tom is pro-
vided, after all, by the researcher), they might very well choose to rely on
the information, not the guesses, and we cannot see why this would con-
stitute a mistake on their part. Kahneman and Tversky seem to think it is
more rational to use made-up statistics than good heuristics.

Irrationality versus Ignorance

A different explanation of Kahneman and Tversky’s findings is that while
the researchers had in mind the statistical probability of Tom becoming a
computer-science student, or a humanities student, etc.—in which case
knowledge of the respective numbers of computer science and humanities
students would be essential to giving a good answer—the subjects had a
different understanding of what was meant when they were asked how
likely it is that Tom was a student in the various fields. The term likelihood

Buturovic and Tasic • Kahneman’s Failed Revolution 

D
ow

nl
oa

de
d 

by
 [

14
2.

24
5.

19
3.

11
] 

at
 1

0:
55

 2
3 

Se
pt

em
be

r 
20

15
 



does not necessarily denote numerical probability and may very well be
interpreted along the lines of “Who is Tommore like—a computer scien-
tist or a scholar of English poetry?” Framing matters, as Kahneman and
Tversky () themselves convincingly argue. So does word choice,
as political scientists recognize (Zaller , ch. ). Gerd Gigerenzer
(, )—the most dogged and productive critic of behavioral econ-
omics—points out that Kahneman and Tversky typically ignore the
“polysemy” of key terms used in their experimental setups.

If either of our criticisms are correct, then experiments such as these do
not in fact suggest subjects’ tendency to make errors in reasoning. At most,
they simply demonstrate either the subjects’ ignorance of certain obscure
statistics or the polysemy of terms that have statistical connotations to
some researchers.

Kahneman may overlook the knowledge requirements implicit in his
treatment of rationality because as a knowledgeable person himself, he
takes a great deal of information for granted: “You know immediately
that George Washington became president after , and you also
know that the boiling temperature of water at the top of Mount
Everest is lower than °C,” he writes (), in one of many examples
sprinkled throughout the book. In discussing the example of “Steve,”
he invites the reader to read the stereotyped description of him and
then asks the reader, “Did it occur to you that there are more than 

male farmers for each male librarian in the United States?” ()—as if
this information is intuitive or self-evident. The possibility that many
people do not know such things immediately, or at all, is practically
never entertained. Yet public-opinion researchers have long been able
to show that large majorities of most populations are ignorant of such fac-
toids (Delli Carpini and Keeter , Appendix ).

The equation of limited knowledge, unfamiliarity, and lack of skill, on
the one hand, with preprogrammed cognitive “biases” on the other is
recurrent in Kahneman’s opus and indeed in behavioral economics in
general. Kahneman typically asks a question the correct answer to
which would require information or a technical skill that most people
do not have and do not need because they do not use it in everyday
decision making. When respondents perform poorly, the reader is led
to interpret their failure as a cognitive bias, although simple ignorance
of either quantitative technique or of relevant facts suffices to explain it.

Thus, in order to demonstrate the laziness of System  and the fallibility
of System , Kahneman describes another test (): “For an example, here
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is a simple puzzle. . . . A bat and ball costs $.. The bat costs one dollar
more than the ball. How much does the ball cost?” This is not at all a
simple puzzle. The fact that it involves bats, balls, and small amounts of
money makes it look simple and thus lulls respondents into thinking
they should have the answer ready. In reality, this is a system of two
equations with two unknowns—the type of mathematical problem
that, in the United States, is not learned until at least the eighth grade,
if ever. It should not be odd that our “intuition” deceives us here: the
question is not only outside our normal range of experience and therefore
irrelevant to the lives of most people, but it involves a non-obvious alge-
braic operation that requires appropriate mathematical skills.

Recounting another much-publicized experiment by Kahneman and
Frederick (), Kahneman writes ():

Most college students know that Detroit is in Michigan. When asked
“How many murders occur in the state of Michigan in one year?”, they
fail to remember that Detroit is in Michigan and give a relatively low
crime estimate. Moreover, students asked about the number of murders
in Michigan give a lower average estimate than students asked about the
total number of murders in Detroit.

We learn here that people do not have perfect command of everything
they have ever learned. Even though one might have learned a certain
fact—such as that Detroit, a high-crime city, is in Michigan—one may
fail to remember it and employ it when one needs to (which is to say,
rarely, unless one is the subject of a psychological experiment). There
really should be no surprise that a subject asked about the total number
of murders in Michigan is not able to invoke two different pieces of infor-
mation never mentioned in the question: that Detroit is a high-crime city
and that Detroit is in Michigan. If these two facts are known to the
respondent, invoked from memory in response to this question, con-
nected in the logical sequence, and then employed in answering the ques-
tion, it would yield a good answer. But failing to go through a thought
process such as this one is hardly evidence of a bias. Instead, it is once
more a typical manifestation of ignorance. Ignorance is not solely una-
wareness of facts when one is asked about them, but also includes an
inability to remember the relevant facts because we do not know them
well, or because we do not know that they matter. (A student who
cannot solve the integral because he did not think of making the particular
substitution in that case is not sufficiently proficient at calculus; but he is

Buturovic and Tasic • Kahneman’s Failed Revolution 

D
ow

nl
oa

de
d 

by
 [

14
2.

24
5.

19
3.

11
] 

at
 1

0:
55

 2
3 

Se
pt

em
be

r 
20

15
 



not biased against solving the integral.) Once again, what could to a great
extent be explained by ignorance is too eagerly taken to represent a cog-
nitive failure.

As in previous cases, the relevance of particular information and of a par-
ticular reasoning style is questionable. Respondents may be wrong about
the total number of murders in Detroit and Michigan, but these aggregate
numbers are information that is of very little importance outside govern-
ment statistical offices, just as is the question Kahneman asks. What
matters, for personal safety decisions and public policy alike, is the fre-
quency of murders in a given area. This knowledge is useful, specific,
and contextual. On this question, respondents were quite right to perceive
Detroit as more dangerous than Michigan as a whole.

The Question of Relevance

Experiments such as these could, in documenting ignorance of statistics
and ignorance of underlying facts rather than failures of intuitive ration-
ality, nevertheless be important and lead to important practical con-
clusions. The crucial question, in that case, is how valuable objective
statistical knowledge is in real-world variants of experimental questions.

In the well-known “Linda” problem, respondents are asked whether it
is more “probable” that Linda—described as a -year-old woman who
“majored in philosophy” and was, as a student, “deeply concerned with
issues of discrimination and social justice, and also participated in antinuc-
lear demonstrations”—is today (a) a bank teller or (b) a bank teller and
active in the feminist movement. The second answer is a subset of the
first and thus inevitably less probable. Still, most respondents answer
that Linda is more likely to be a bank teller and active in the feminist
movement, which Kahneman and Tversky () documented and
named the “conjunction fallacy.”

The authors’ claim that the result of this experiment reflects systematic
failure to apply the rules of probability has been challenged in several
ways. Klaus Fiedler’s () replication of the original study demonstrated
that when the question is asked in terms of frequencies rather than prob-
abilities, the conjunction fallacy largely disappears. That is, if we do not
assume that the subjects understand probable to mean what Bayesian stat-
isticians mean by the term, we may recognize that instead they may ask
themselves, “How frequently would one find a philosopher/left-wing
political activist/bank teller who is not a feminist as compared to one
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who is?” Moreover, a recent study finds that the “error” rate is smaller
when subjects presented with the Linda problem are given mild incen-
tives, and that it declines dramatically when subjects are allowed to
consult with each other (Charness, Karni, and Levin ). This study
puts into question the worldly relevance of Kahneman and Tversky’s
original result, whatever objections we may have to the ambiguity of its
language. The presence of incentives, deliberation, and communication
brings the experiment closer to real-world decision making and, in
turn, improves the outcomes.

Conversely, David C. Funder () argues that subjects in exper-
iments are likely to take into account the source of the scenarios they
are given. In dealing with the Linda problem, respondents may not
have in mind the unconditional probabilities of two different scenarios,
but conditional probabilities given the fact that the experimenter told
them the story about young Linda’s political activities and college
major. What looks like wrongheaded intuition may actually expose
the experimenter’s failure to recognize that the subject may be inferring
from the experiment itself that the experimenter is testing the subject’s
ability to infer Linda’s feminism from her life story. A reasonable person
may, in effect, be answering a different and broader question that evaluates
the entire situation rather than the textual question alone—for instance,
“What has the examiner designated as the correct answer?” Or “What
is the most likely answer in this experiment that I am in?” In other
words, people may not recognize that they are answering a trick question
that is likely to lead them to the wrong answer.Designed with only literal
interpretation and formal probability theory in mind, such experiments
can lead to the interpretation of subjects’ rational interpretations of the
entire context in which the questions are asked as “irrational.”

Two Systems

Kahneman’s overarching explanation for the errors documented in his
experiments lies in the “dual-process” theory described above: the
theory of System  and System  (Kahneman ). Over the years,
and especially during the last two decades in various fields and subfields,
a few dozen variants of dual-process or two-systems theory have been
proposed. There is plenty of empirical support for this loosely constructed
view if we count up the sheer number of studies. However, when exam-
ined more closely, various problems arise—so many that there is now an
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ongoing backlash against dual-process theories (e.g., Osman ; Keren
and Schul ). The originator of the System /System  terminology
has recently advocated a change in nomenclature, arguing that, of all
the proposed features of System  and System , only working memory
engagement and autonomy are unique to the two respective systems
(Evans and Stanovich ). Yet even such a stripped-down proposal
does not appear to be empirically adequate (Keren ).

There are several objections to the two-system view. Some of them are
methodological—that the theory is vague and untestable, for example
(Keren ). Plainly there are so many variants of the theory that it is dif-
ficult to ascertain with any precision what the theory is—a point repeat-
edly stressed by notable proponents (e.g., Evans and Stanovich ).
Substantively, even they now agree that “unconscious,” “automatic,”
“fast,” and “intuitive” are not features of cognitive processes that always
go together and can be grouped under one umbrella (such as System
). They therefore introduce various additional distinctions to account
for the fact that cognition is quite a bit more complicated than the
dual-process view seems to suggest (Evans and Stanovich ). A
related objection is that, rather than being on the same end of a conti-
nuum, “automatic” and “implicit” are at the opposite ends of a conti-
nuum. “Automatic” skills, such as driving or reading, are not conscious
anymore but had to be learned explicitly, perhaps building on a more
intuitive foundation; while implicit heuristics may have been learned
without ever engaging conscious attention. Various cognitive theorists
add that distinctions between “fast” and “slow” simply do not do
justice to the richness of human cognition: among others, differentiations
along dimensions of the strength, distinctiveness, and stability of represen-
tation have been proposed (Osman ; Cleeremans and Jimenez ).

With these objections in mind, critics argue that two-system view is
not doing much more than telling a good story (Keren ). But how
good a story is it about psychological factors relevant in everyday
decisions?

Two-system theory is not a theory about how people make decisions.
It is more of an explanation of how people answer questions in laboratory
settings, questions that would rarely arise in such a rigid form as they go
through their regular lives. Most of the examples used to illustrate the val-
idity of the two-system model do not feature concepts that are integral to
decision making, such as options and outcomes. Thus, two-system theory
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has no ability to explain how people construe options or weigh them
against each other.

Kahneman does have a theory about how people make decisions and
he presents it in the book: prospect theory, which is, by and large, the
rational-choice model with a few empirical adjustments. As such, prospect
theory employs concepts such as probabilities, losses, gains, and outcomes
that are not parts of the two-system model.

The theoretical relationship between the two-system view and pro-
spect theory is not worked out and it is unclear how it could be. Prospect
theory is built on empirical evidence of certain biases, such as the over-
weighting of very small probabilities; it was meant to be more descrip-
tively accurate than the rational-choice model in light of these biases.
But the mounting list of biases, as understood by Kahneman et al.,
appears to make this model likewise empirically inadequate while, at
the same time, too faulty to replace rational choice as a normative
model. The move from prospect theory to the two-systems view,
modest as it is in its departure from the original, has essentially deprived
the field of one of the few alternatives to the rational-choice model.
Once again, then, the end result of the behavioral economics revolution
is a reinforcement of the old model.

The Distorting Mirror of Economic Theory

Where dual-process views are most useful is in providing an alternative to
the psychological theory used in neoclassical economics but never
seriously entertained in the psychological literature: the theory of rational
choice. Similarly, the empirical evidence gathered by behavioral econom-
ists may seem to be useful if one is trying to rebut the theory of rational
choice, despite the limited value of the resulting list of heuristics and biases
in explaining many aspects of real-world decision making. This point is
especially pronounced if one observes actual decision making in natural
settings, where it is not very clear that any of the commonly listed heur-
istics and biases play an important role.

By concentrating on a subset of phenomena designed to rebut rational-
choice theory, we get a biased understanding of the importance of these
phenomena. How important, is, say, “anchoring” for the decisions we
make in careers, relationships, parenting, real estate, or home decorating?
Surely examples of anchoring can be constructed in any given domain,
but the importance of such examples for the much broader class of
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decisions within that domain is highly debatable. Management decision-
making literature catalogues plentiful examples in which the role of
psychological “biases” ranges from irrelevant to (evolutionarily) advan-
tageous (Rosenzweig ).

The prevalence of Kahneman-type phenomena in psychological and
decision-making literature does not necessarily reflect their relevance in
the actual world. The fragility of the link between the outcomes of lab-
oratory experiments and real-world decision-making has not been a
secret, which makes the near-universal acclaim for Kahneman’s results
and the enthusiastic acceptance of the entire field of behavioral economics
all the more puzzling.

While it is difficult to gauge the cost of various decision-making errors
with any precision, it may be worth contrasting them against the costs of
mistakes that clearly have nothing to do with cognitive biases: the cost of
choosing a profession one ends up hating, the cost of not finding a suitable
mate, the cost of having children too early in life or too late, the cost of
moving to a place one ends up disliking, the cost of adopting a pet or
sending children to a private school, and so on. These types of
decisions—i.e., actual, important decisions in which errors are genuinely
costly—are not typically studied in depth, probably because there is no
clear norm that would allow a decision to be judged good or bad,
let alone rational or irrational. In the absence of an apparent norm,
research interest in actual decision making and its pitfalls is greatly dimin-
ished. Certainly no serious academic wants to be caught telling people
what school to send their children to, or whether to take a cruise,
unless they can pretend that the wrong decision is the result of some tech-
nical miscalculation, in which case it becomes fair game. Funder ()
identifies a similar drift toward the trivial but easily tested “error” in the
field of social cognition. Faced with difficulties in assessing accuracy of
the outcome of social judgments in the real world, the field has produced
various norms of judgment against which to judge human performance,
but only in highly artificial settings.

It is clear that in making real-world decisions people rely on various
authorities—family members, media reports, experts such as school coun-
selors, therapists, and real-estate agents; that they succumb to peer pressure
or conform to childbearing, lifestyle, and other norms of their immediate
environment; and that they sometimes fail to anticipate changes in their
situations and themselves as they age. In many cases, the mistakes one
makes are essentially due to a failure of the imagination (creativity,
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divergent thinking): a failure to picture possible scenarios accurately
enough or, alternatively, a tendency to weigh, however precisely, a
too-limited set of options or to construct a restrictive and overly abstract
set of outcomes. This could happen for various reasons, from lack of criti-
cal thinking to limited exposure to diverse possibilities to poor memory of
various scenarios. Relying too much on statistical knowledge as a substi-
tute for contextual understanding of future possibilities would exacerbate
instead of ameliorating these tendencies; there is a reason why concern
with creative thinking is a staple in business, clinical, and educational con-
texts, to the point where phrases like “thinking outside the box” have
become clichés. It is in the discovery of options and possibilities where
most of the challenge of decision making lies, not in precisely comparing
predefined and given options.

Like orthodox neoclassical economics, behavioral economics does not
tackle any of these important aspects of decision making; its findings, ulti-
mately, tell us very little about how people think. Artificially induced
quirks of human cognition are examined in excruciating detail while
everyday decision making of great individual and social consequence
are ignored.

Kahneman’s undue focus on cognitive blunders that are defined as
departures from the rational-choice norm is symptomatic of his failure
to liberate his decision theory from simple consequentialism. His book’s
illustration of the “endowment effect” (–) is one of the most striking
examples of the closure of his research agenda within the narrow neoclas-
sical framework. “Professor R” (later known to be Richard Rosett at the
University of Chicago) bought wine at auctions at a price not higher than
$. Professor R would, however, not sell the bottles he already bought
unless he was offered more than $, which Kahneman interprets as evi-
dence of a bias towards overvaluing an object simply because one owns it.
The endowment effect has been documented in other cases, of course,
although its importance in economic contexts has been disputed (List
 and ). Regardless of the existence of the effect itself,
however, it is baffling that Kahneman would in the first place assume,
for example, that Professor R is supposed to be a profit maximizer
when it comes to his wine collection. The same is true of other behavioral
economists; Richard Thaler (, ) describes Rosett’s behavior as “not
rational.”Yet the professor is obviously not a wine trader; he collects wine
for pleasure. If we see an error in his actions, that is only because we
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implicitly treat him as a rational maximizer—and only in order to show
that he is not a particularly good one.

The entire “heuristics and biases” literature rests on the identification of
cognitive “errors,” but Funder () also points out the sharp distinction
between errors and mistakes. Error is a deviation from a given standard.
The standards of rationality that Kahneman and his colleagues have
used to identify errors are theoretical constructs originally defined by
economists to approximate and model rational choice. The problem is
that what a rational-choice theorist would define as errors in an observed
laboratory test are then taken up as evidence of mistakes—incorrect
judgments—in the real world. By using rational choice as a normative
standard against which errors and biases are identified, Kahneman et al.
reinforce rather than undermine the rational choice framework.

Keeping in mind that Kahneman’s work is widely regarded as the
greatest challenge to standard neoclassical economics today, it is paradox-
ical that his work is so deeply rooted in the same neoclassical version of
rationality that he outwardly opposes. Decision making for Kahneman
is always consequentialist, with the clear goal of maximizing a utility func-
tion. Maximization in turn relies on a form of “rationality” that requires
knowledge of all conceivably relevant facts, knowledge of statistical
methods, and thinking in an abstract, uncontextual, and overly literal
way. Kahneman’s reliance on this model of decision making suggests
that we would ideally become more literal, abstract, out-of-context thin-
kers and, as such, more in line with the neoclassical economic model,
without making it clear how this would improve the human condition.

This is because Kahneman has turned a notion of rationality that started
as an absurdly unrealistic assumption in economics into an absurdly unrea-
listic model of how decisions should be made. Kahneman is too circum-
spect to state the implications of this normative model, but others have
done it for him:

The optimal moment to address the question of how to improve human
decision making has arrived. . . . Daniel Kahneman, Amos Tversky, and
others have clarified the specific ways in which decision makers are
likely to be biased. As a result, we can now describe how people make
decisions with astonishing detail and reliability. Furthermore, thanks to
the normative models of economic theory, we have a clear vision of
how much better decision making could be. If we all behaved optimally,
costs and benefits would always be accurately weighed, impatience would
not exist, no relevant information would ever be overlooked, and moral
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behavior would always be aligned with moral attitudes. (Milkman, Chugh
and Bazerman, , )

∗ ∗ ∗

While Kahneman and Tversky’s work demonstrates that people often fail
to live up to rational-choice norms, the very act of demonstration serves
to perpetuate the illusion that these norms are relevant. In behavioral
economics, then, we do not find the building blocks of an alternative
decision making theory that could be incorporated into a more fruitful
type of social science. In Kuhnian terms, it is not a scientific revolution
but a strange transmogrification of an old and manifestly inadequate
paradigm.

NOTES

. For example, he was on the Bloomberg most-influential lists in  and , was
number  on the Foreign Policy list in , and was number  on the Prospect
magazine list in .

. See Cowen  for a survey.
. Another example is the much cited observation that “ percent of the drivers

believe they are better than average,” which Kahneman calls “competition
neglect” (). But respondents do not necessarily have in mind the statistical
average. Merriam-Webster’s online thesaurus lists words such as “unexceptional”
and “unremarkable” as synonyms of “average.”

. It bears mentioning that Kahneman, to whom these facts and their interrelated rel-
evance are so self-evident, taught for a year at the University of Michigan in Ann
Arbor,  miles from Detroit ().

. See also Gigerenzer , Cosmides and Tooby , and Hertwig and Gigerenzer
 for further arguments in this direction.

. On conditional probabilities in the Linda problem, see Hintikka .
. See Hilton  on social rules governing communication in the context of this

type of experiment.
. One possible exception is the fact that people do not open (k) retirement

accounts or fail to change their original allocations, which has been attributed to
the “status quo” bias, “loss aversion,” and hyperbolic time discounting (Loewen-
stein and Haisley ). In fact, however, “this ‘default’ behavior appears to result
from participant inertia and from employee perceptions of the default as invest-
ment advice” (Madrian and Shea , )—much like answers to the Linda
question appear to be responsive to the cues the experimenter seems to be giving.
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